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Fig. 1: Comparison of DNN-based music source sep-
aration models: (a) conventional end-to-end model
and (b) proposed framework.
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*Stereo music source separation using Conv-TasNet with inter-channel level difference features. By Taiki
KATO, Daichi KITAMURA (NIT, Kagawa), and Kohei YATABE (Tokyo University of Agriculture and

Technology).
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Fig. 2: Sourcewise panning based on inter-channel
level difference.
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Fig. 3: Amplitude-weighted directional histogram of
the stereo mixture depicted in Fig. 2, where K = 2
and N = 5.
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Fig. 4: Overview of the proposed IC Conv-TasNet
with FiLM-based conditioning.
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Table 1: Experimental conditions

Input signal length 10s
Sampling frequency 16 kHz
Number of directional channels N =5
Number of sources K=4
Batch size 4

Gradient accumulation steps 4

Training epochs 200

Early stopping (patience) 30

Loss function threshold T=-30dB
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Table 2: Average scores [dB] of mixture SDR and the SDR improvement from the mixture for each source

Source bass drum other vocal Avg
Mixture SDR -4.97 -4.29 -5.86 -6.61 -5.37
Directionally separated signal 5.12 5.92 6.58 8.04 6.41
IC Conv-TasNet ASDR. 9.69 8.07 8.15 10.66 9.14
Spaln-Net (Oracle direction) 11.34 10.79 10.10 13.48 11.43
Proposed method 12.78 11.64 12.13 15.14 12.92
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Fig. 5: Violin plots of SDR for each method: (a)
bass, (b) drum, (c) other, and (d) vocal.
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