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Fig. 1 Situations and signals estimated by BF.
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Table 1 Update rules of algorithms
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Reference

Estimation

NTF

Fig. 4 Result of NTF decomposition (p — 00).

Algorithm 1 Attractor-regularized NTF (u — 00)

Input: Initial value of matrices (Z, T, and V)
Output: b, Z, T, and V
1: for iter = 1 to 100 do
if iter < 51 then
Update b by Eq. (6)
end if
if iter < 50 then
Update Z by Eq. (25)
else if iter = 51 then
Update Z by Eq. (28)
end if
Update T by Eq. (26)
11: Update V by Eq. (17)
12: end for
13: return b, Z, T, and V
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