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NMF for audio signals, where K = 2.
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* Analysis of common and individual components in musical instruments based on basis-shared nonnegative
matrix factorization. By Kaito Kozai and Daichi Kitamura (NIT Kagawa).
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Fig. 2 Decomposition model in proposed basis-
shared NMF, where N = 2.
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Fig. 3 Music scores used in experiment.
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