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*Bandwidth expansion based on deep neural networks for audio source separation by Rui Watanabe

(NIT Kagawa) and Daichi Kitamura (NIT Kagawa).
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Table 1 STFT conditions

FFT length 64 ms
Shift length 32 ms
Window function Hamming window

Table 2 Number of units for each layer in DNN

Input layer 3846 units
All hidden layers 514 units
Output layer 514 units
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